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Abstract 

In an increasingly competitive financial services landscape, institutions 

must prioritize customer experience (CX) to drive product adoption and 

long-term loyalty. This review paper explores the integration of Salesforce 

and Power BI in modeling customer experience, emphasizing their 

synergistic capabilities in customer relationship management (CRM), data 

visualization, and behavioral analytics. The paper critically examines how 

these tools capture, analyze, and visualize omnichannel customer 

interactions, enabling financial institutions to develop predictive models 

that inform targeted marketing, personalized offerings, and retention 

strategies. Drawing from recent literature and industry practices, we 

evaluate use cases in banking, insurance, and fintech sectors, highlighting 

how customer journey mapping, sentiment analysis, and conversion 

tracking are enhanced through Salesforce's dynamic CRM features and 

Power BI's interactive dashboards. The review also discusses 

implementation challenges such as data integration, system 

interoperability, and user training, offering strategic recommendations for 

effective deployment. This paper aims to guide financial service providers, 

CX analysts, and data scientists in leveraging CRM and BI platforms for 

improved customer-centric decision-making and innovation in financial 

product delivery. 

Keywords: Customer Experience Modeling, Financial Product Adoption, 

Salesforce CRM, Power BI Analytics, Behavioral Data Integration, 

Financial Services Innovation. 

1. Introduction 

1.1 Background on Customer Experience in Financial Services 

Customer experience (CX) has emerged as a critical determinant of competitive advantage in the financial 

services industry. Unlike product-centric sectors, financial institutions rely heavily on intangible 
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elements—trust, perception, and emotional engagement—to shape client relationships and influence 

long-term loyalty. The shift from transactional to relationship-based banking has made the delivery of a 

seamless, personalized, and emotionally intelligent customer journey a strategic priority. With rising 

customer expectations, especially in the digital age, banks, insurance firms, and fintech companies are 

rethinking how they engage users across multiple touchpoints, including websites, mobile apps, contact 

centers, and branch offices. 

Technological disruption has empowered customers with choice, mobility, and information access, 

making it imperative for financial institutions to provide frictionless experiences across the lifecycle of 

product consideration, application, onboarding, and post-sale service. Moreover, the COVID-19 pandemic 

accelerated the adoption of digital platforms, further raising expectations around real-time support, omni-

channel consistency, and data-driven personalization. According to recent surveys, more than 70% of 

consumers consider CX a key factor in their decision to remain with a financial provider—often 

outweighing price and product features. 

Traditional financial institutions are now under pressure to match the agility and user-centric design of 

fintech competitors. This has led to a widespread embrace of customer relationship management (CRM) 

tools, behavioral analytics, and real-time feedback systems. As institutions aim to model, predict, and 

improve customer journeys, platforms like Salesforce and Power BI have become integral to delivering 

insights and orchestrating experience-driven innovation across the financial services ecosystem. 

1.2 Role of Data-Driven Platforms in CX Modeling 

The transformation of customer experience (CX) from a qualitative concept into a measurable, actionable 

discipline has been driven by the rise of data-driven platforms. In the financial services industry, where 

decisions hinge on trust, risk, and value perception, data-centric tools enable institutions to systematically 

capture, analyze, and act upon customer interactions and behavioral signals. Platforms such as Salesforce 

and Power BI empower financial organizations to transition from reactive service delivery to proactive 

experience design, allowing them to anticipate customer needs and tailor products accordingly. 

Data-driven platforms offer the ability to unify fragmented customer touchpoints—ranging from website 

clicks and mobile app usage to customer service logs and financial transactions—into centralized 

dashboards. These consolidated views of the customer journey allow CX teams to detect drop-off points, 

dissatisfaction triggers, and unmet expectations across the product lifecycle. Salesforce, with its robust 

CRM infrastructure, automates the collection of granular customer data while enabling personalized 

engagement strategies through dynamic workflows and artificial intelligence (AI)-powered 

recommendations. Complementarily, Power BI facilitates real-time analytics and customizable 

visualizations, turning complex datasets into intuitive insights that drive decision-making. 

Together, these platforms support the development of predictive CX models by applying statistical and 

machine learning techniques to historical and live data. For example, churn prediction models and 
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product affinity scores can be derived to optimize cross-selling, upselling, and retention strategies. In a 

sector where customer trust and lifetime value are paramount, leveraging data-driven platforms has 

become essential for institutions aiming to deliver superior, personalized, and scalable experiences. 

1.3 Overview of Salesforce and Power BI Integration 

The integration of Salesforce and Power BI represents a powerful convergence of customer relationship 

management and advanced business intelligence, creating a unified ecosystem for customer experience 

(CX) modeling in financial services. Salesforce, a leading cloud-based CRM platform, centralizes customer 

data, automates workflows, and supports personalized engagement across channels. It captures a wide 

range of structured and unstructured data from customer interactions, service tickets, marketing 

campaigns, and sales activities. Meanwhile, Power BI, a data visualization and analytics platform 

developed by Microsoft, allows organizations to extract actionable insights through interactive dashboards, 

real-time data streaming, and predictive analytics. 

By integrating Salesforce and Power BI, financial institutions can unlock a 360-degree view of customer 

journeys, enabling them to model behaviors, identify friction points, and track key performance indicators 

such as customer satisfaction (CSAT), Net Promoter Score (NPS), and product conversion rates. This 

integration allows data to flow seamlessly between systems through APIs, Power BI connectors, and 

third-party middleware such as Azure Data Factory or MuleSoft. Once integrated, users can visualize 

Salesforce data in Power BI to detect behavioral trends, segment clients based on predictive attributes, and 

monitor the performance of CX initiatives. 

For instance, a bank can combine Salesforce customer case histories with product adoption rates visualized 

in Power BI to uncover patterns in user dissatisfaction, response time efficiency, or onboarding 

effectiveness. The real-time synchronization of insights and operations ensures that marketing, service, 

and product teams operate with shared intelligence, resulting in more agile and customer-centric 

decision-making processes. 

 

1.4 Purpose and Scope of the Review 

The purpose of this review is to critically examine how the integration of Salesforce and Power BI can be 

leveraged to model and enhance customer experience (CX) in the context of financial product adoption. 

As financial institutions seek to deepen client engagement and drive adoption of products such as loans, 

credit cards, insurance policies, and investment solutions, understanding customer behavior across digital 

and physical touchpoints has become essential. This paper synthesizes recent literature, case studies, and 

best practices to explore how CRM and business intelligence tools support this strategic objective. 

The scope of the review covers three main areas: the theoretical foundations of CX modeling in financial 

services; the technical capabilities and synergies between Salesforce and Power BI; and real-world 

applications across banking, insurance, and fintech sectors. The paper also addresses key implementation 
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challenges—including data integration, staff capacity, and regulatory considerations—and concludes with 

strategic recommendations for maximizing the impact of these platforms. By offering a comprehensive 

overview, this review aims to guide financial service providers, CX analysts, and technology teams in 

deploying data-driven solutions that personalize interactions, optimize decision-making, and accelerate 

financial product adoption in a customer-centric, measurable, and scalable manner. 

1.5 Structure of the Paper 

This paper is organized into five main sections. Section 1 introduces the concept of customer experience 

in financial services, highlights the role of data-driven platforms, and provides an overview of Salesforce 

and Power BI integration. Section 2 presents the conceptual framework for customer experience modeling, 

including definitions, key metrics, adoption stages, and data touchpoints relevant to financial product 

uptake. Section 3 explores the functional capabilities of Salesforce and Power BI as complementary 

platforms, detailing their integration workflows and use in CX analysis. Section 4 reviews practical 

applications and real-world use cases of these platforms in banking, insurance, and fintech, focusing on 

customer segmentation, sentiment analysis, and conversion optimization. Finally, Section 5 identifies 

implementation challenges and provides strategic recommendations for institutions seeking to adopt or 

enhance CX modeling using CRM and BI tools. Each section is designed to build upon the previous one, 

offering a comprehensive and sequential understanding of how Salesforce and Power BI can transform 

customer experience management in the financial sector. 

 

2. Conceptual Framework for Customer Experience Modeling 

2.1 Definitions and CX Metrics in Financial Contexts 

Customer experience (CX) in the financial services context refers to the totality of cognitive, emotional, 

and behavioral responses that customers exhibit throughout their interactions with financial institutions 

across digital and physical channels. This includes product awareness, service engagement, onboarding, 

account management, problem resolution, and loyalty behaviors. Unlike customer satisfaction, which is 

episodic and transactional, CX is holistic, dynamic, and predictive of long-term business outcomes such as 

customer lifetime value and advocacy (Adewuyi, Oladuji, Ajuwon, & Onifade, 2021). In an environment 

where product features are commoditized, institutions differentiate themselves through seamless, 

personalized, and consistently positive customer experiences. 

To measure and model CX effectively, financial institutions rely on key metrics that capture both 

quantitative performance and subjective sentiment. These metrics typically include Net Promoter Score 

(NPS), Customer Satisfaction Score (CSAT), Customer Effort Score (CES), and customer retention or churn 

rate. In modern applications, these are augmented by digital behavioral indicators such as time-on-

platform, frequency of logins, transaction abandonment rates, and engagement depth in omnichannel 

platforms like Salesforce (Ajuwon, Adewuyi, Nwangele, & Akintobi, 2021). These indicators are then 

processed through dashboards and machine learning models within platforms such as Power BI to forecast 

product adoption likelihoods and optimize user journeys. 
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As predictive modeling becomes increasingly essential in financial decision-making, AI-driven CX 

frameworks allow for the creation of dynamic customer personas and real-time segmentation. Institutions 

can deploy these tools to identify friction points, recommend personalized solutions, and preemptively 

address service gaps (Abayomi, Ubanadu, Daraojimba, Agboola, Ogbuefi, & Owoade, 2021). The evolution 

of CX metrics from static surveys to behavioral intelligence integrated with CRM and BI systems 

represents a paradigm shift, empowering financial organizations to transition from reactive to anticipatory 

service delivery. This level of modeling enhances financial product adoption by aligning product offerings 

with individual needs and contextual engagement, particularly in competitive sectors such as digital 

lending, investment management, and insurance. 

2.2 Stages of Financial Product Adoption 

The adoption of financial products follows a structured process comprising awareness, interest, evaluation, 

trial, adoption, and post-adoption reinforcement. These stages are influenced by customer-specific 

attributes, institutional marketing strategies, and the digital infrastructure supporting customer experience 

(CX) modeling. In contemporary financial ecosystems, these stages are no longer linear but dynamic, 

driven by real-time feedback loops and data-driven personalization strategies (Adewuyi, Oladuji, Ajuwon, 

& Nwangele, 2020). For instance, in digital lending, a customer may loop through evaluation and trial 

phases multiple times via mobile app simulations or personalized calculators before adoption occurs. 

In the awareness stage, institutions leverage Salesforce to capture engagement from social channels, email 

campaigns, and website behavior. Power BI is then utilized to segment users based on engagement depth 

and demographics, identifying cohorts likely to transition to the interest phase (Akpe, Mgbame, Ogbuefi, 

Abayomi, & Adeyelu, 2020). In the evaluation and trial stages, users interact with financial simulations, 

chatbots, and advisors—data points that Salesforce logs for modeling behavioral patterns. Financial 

institutions use this data to predict adoption probability, reduce drop-off rates, and optimize conversion 

pathways. 

A critical stage is post-adoption reinforcement, where satisfaction, usage frequency, and upselling 

opportunities are monitored. AI-driven customer scoring systems and real-time dashboards enable 

institutions to assess retention risk and cross-sell suitability (Abiola Olayinka Adams, Nwani, Abiola-

Adams, Otokiti, & Ogeawuchi, 2020). For instance, a customer adopting a savings product may trigger 

follow-up modeling to identify their suitability for investment offerings. By aligning each stage with 

tailored CRM and BI workflows, financial institutions move from intuition-led to intelligence-driven 

adoption pipelines, optimizing both business outcomes and customer value. 

2.3 Data Sources and User Touchpoints 

Effective customer experience (CX) modeling in financial product adoption relies on an ecosystem of 

diverse and integrated data sources, each capturing unique touchpoints across the customer journey. 

These touchpoints—ranging from initial digital impressions to transaction behaviors and post-sale 
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interactions—generate structured and unstructured data critical for analytics within CRM systems like 

Salesforce and visualization tools such as Power BI. As financial services increasingly digitize, the ability 

to unify and analyze data from disparate sources becomes foundational to predictive modeling and real-

time personalization (Olufemi-Phillips, Ofodile, Toromade, Eyo-Udo, & Adewale, 2020). 

Primary data sources include mobile banking logs, chatbot transcripts, web session heatmaps, contact 

center call metadata, social media interactions, and biometric authentication logs. Secondary data, such as 

open banking feeds, credit bureau scores, and utility payment records, also enrich behavioral profiling. 

These are collected at user touchpoints like onboarding portals, customer service platforms, digital wallets, 

and loan calculators. The fusion of Internet of Things (IoT) data, such as location-based spending and 

device usage patterns, has further expanded the granularity of CX datasets, allowing institutions to model 

behavior with high contextual precision (Sharma, Adekunle, Ogeawuchi, Abayomi, & Onifade, 2019). 

To operationalize this data, financial institutions deploy APIs and microservices architectures that allow 

seamless flow between transactional systems, CRM platforms, and BI dashboards. This integration enables 

real-time insight generation and personalized outreach strategies. For instance, cloud-based data lakes 

ingest multi-channel interaction logs, which are then filtered and analyzed using Power BI to trigger 

Salesforce workflows like customer retention alerts or cross-sell recommendations (Osho, Omisola, & 

Shiyanbola, 2020). By effectively capturing and modeling data from each touchpoint, institutions gain a 

holistic view of customer behavior—transforming reactive support into proactive engagement and 

significantly improving financial product adoption outcomes. 

2.4 Role of CRM and BI in Customer Journey Analysis 

Customer Relationship Management (CRM) and Business Intelligence (BI) platforms have become 

indispensable in modeling the full arc of the customer journey within financial product ecosystems. CRM 

tools like Salesforce track and manage every customer interaction, while BI platforms such as Power BI 

transform those raw interactions into strategic insights. Together, they enable financial institutions to 

build data-driven models that uncover drop-off points, identify conversion triggers, and drive timely 

interventions at various stages of product engagement (Adeyemi, Oguntunde, Akinyemi, Iornem, & Ede, 

2021). This combined capability aligns front-office operations with back-office analytics, allowing a 

seamless view of customer behavior and engagement across channels. 

Salesforce acts as the operational core, managing lead capture, account profiling, service resolution, and 

behavioral scoring. Through advanced workflows, the platform aggregates omnichannel data—including 

online form submissions, mobile app usage, service requests, and email interactions—into dynamic 

customer profiles. Power BI extends this functionality by visualizing longitudinal trends, segment 

behaviors, and funnel attrition using interactive dashboards and drill-down analytics (Adeoti, Afolabi, 

Akinmulegun, & Abiola-Adams, 2020). This real-time visualization empowers CX analysts to identify 

correlations between specific actions (e.g., repeated support tickets) and churn probability or upsell 

readiness. 
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Moreover, the integration of CRM and BI systems enables customer journey mapping with feedback loops 

that guide both strategic planning and frontline execution. For instance, a customer flagged in Salesforce 

as “inactive” over a 60-day period can trigger a Power BI analysis of similar dormant accounts, uncovering 

shared friction points such as failed KYC submissions or incomplete loan applications. These insights 

allow financial teams to design targeted reactivation campaigns and streamline onboarding processes 

(Akinmulegun, Ejemeyovwi, Nwani, & Okonkwo, 2020). Ultimately, CRM and BI systems together 

convert fragmented touchpoints into cohesive narratives, facilitating predictive, personalized, and 

measurable customer experience interventions. 

3. Salesforce and Power BI as Complementary Platforms 

3.1 Functional Overview of Salesforce CRM Features 

Salesforce has evolved into a multifunctional platform that supports customer relationship management 

(CRM) through intelligent automation, real-time tracking, and dynamic engagement orchestration. In the 

context of financial product adoption, Salesforce provides a robust infrastructure that enables institutions 

to capture and act on user data across various stages of the customer lifecycle—from lead generation to 

post-adoption service delivery. Its modular architecture includes Sales Cloud, Service Cloud, Marketing 

Cloud, and Financial Services Cloud, each contributing specific functionality for holistic customer 

experience (CX) management (Adebayo, Adeyemi, & Olabode, 2021). 

Sales Cloud enables automated lead capture, scoring, and conversion tracking, helping financial 

institutions monitor interest in savings accounts, loans, credit cards, or insurance policies. Service Cloud 

facilitates personalized, multi-channel case resolution through chat, email, and telephony integrations, 

reducing customer friction during onboarding or dispute resolution. Marketing Cloud allows for behavior-

triggered journeys and predictive recommendations, making it ideal for campaign optimization based on 

user engagement trends (Akinwande, Agboola, & Okere, 2021). Additionally, Financial Services Cloud is 

tailored to industry-specific needs such as compliance workflows, wealth management advisory, and 

product bundling strategies. 

Central to Salesforce’s value proposition is its data model, which provides a unified customer profile 

incorporating behavioral, demographic, transactional, and interactional data. This profile feeds into 

Einstein Analytics, the platform’s AI engine, which predicts churn, recommends next-best actions, and 

triggers rule-based alerts for CX specialists. For example, when a customer interacts with an educational 

loan calculator but abandons the application, Salesforce logs the behavior and initiates an outreach 

sequence through its engagement automation (Adebiyi, Igbinosa, & Babajide, 2020). 

By offering real-time visibility and tailored interactions at scale, Salesforce empowers financial 

institutions to improve customer trust, boost adoption rates, and reduce service lag—essential goals in 

today’s hyper-personalized and digitally accelerated financial environment. 

3.2 Capabilities of Power BI in Data Visualization and Reporting 
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Power BI, developed by Microsoft, is a leading business intelligence (BI) platform that enables data 

integration, interactive visualization, and real-time reporting for informed decision-making. Within the 

financial services sector, Power BI plays a pivotal role in enhancing customer experience (CX) modeling 

by transforming multi-source data into actionable insights. Its ability to connect with diverse datasets—

including CRM systems like Salesforce, SQL databases, APIs, and cloud services—makes it a central tool 

for unifying financial, behavioral, and operational metrics into a single analytical interface (Eziyi, Nwani, 

Ogunleye, Ajibola, & Ilogho, 2021). 

Power BI's data modeling features allow for the creation of dynamic dashboards that track key 

performance indicators such as product adoption rates, customer retention trends, onboarding efficiency, 

and service resolution times. Its DAX (Data Analysis Expressions) engine supports complex computations 

and segmentation, making it possible to model user behaviors across product lifecycles. For instance, 

analysts can visualize abandonment patterns across loan application funnels, comparing conversion rates 

by age, region, and device type (Ogunlaja, Adebiyi, Ogbuefi, & Olatunji, 2020). These granular insights 

inform targeted interventions, enabling financial institutions to reduce friction and improve product 

alignment with customer needs. 

Power BI also enables drill-through functionality, allowing users to explore underlying data from 

summary visuals to specific customer actions. Its AI-powered visualizations, such as decomposition trees 

and key influencers, help uncover causal patterns behind customer attrition or campaign success (Onifade, 

Ogbodo, Osho, & Ogeawuchi, 2021). Furthermore, Power BI’s compatibility with Microsoft Teams and 

SharePoint ensures cross-departmental collaboration in CX strategy execution. 

Overall, Power BI complements Salesforce by enabling decision-makers to monitor, model, and 

communicate customer insights effectively. Its real-time analytics capabilities empower institutions to 

deliver adaptive, data-driven financial experiences that anticipate customer needs and optimize product 

adoption strategies. 

3.3 Integration Mechanisms and Data Flow Architecture 

The integration of Salesforce and Power BI relies on robust data flow architecture designed to harmonize 

real-time interaction data with advanced business intelligence analytics. This architecture enables 

seamless interoperability between operational customer relationship management (CRM) processes and 

analytical dashboards, facilitating synchronized customer journey modeling. At the foundation of this 

integration is the use of application programming interfaces (APIs), data connectors, and middleware 

technologies that support the bi-directional exchange of data between Salesforce and Power BI (Oshadare, 

Ajibola, Okeke, & Akinyemi, 2021). 

Power BI connects to Salesforce through native connectors or third-party intermediaries like Azure Data 

Factory, OData feeds, or RESTful APIs. These connectors allow for periodic or real-time extraction of 

Salesforce data—such as customer interactions, opportunity stages, case resolutions, and behavioral 
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scores—into Power BI’s semantic model. Once ingested, the data is cleansed, transformed, and aggregated 

within Power Query or via Power BI Dataflows, ensuring data consistency across reporting layers 

(Oladimeji, Chika, & Ogbonna, 2020). The integrated architecture allows organizations to map customer 

records from Salesforce with transactional data from other enterprise systems, such as payment gateways 

or core banking platforms. 

In a typical deployment, Salesforce serves as the data source layer while Power BI functions as the 

presentation and analytical layer. Process automation tools such as Microsoft Power Automate and 

MuleSoft are often employed to orchestrate workflows, including triggering alerts in Salesforce based on 

KPIs visualized in Power BI as seen in Table 1. For example, a drop in loan conversion rates identified in 

Power BI can prompt Salesforce to flag accounts for follow-up through automated case creation or 

marketing journey assignment (Obiakor, Akintoye, Egbuta, & Omisola, 2019). 

This integration framework ensures unified CX visibility across departments—enabling finance, 

marketing, and customer service teams to collaborate on data-informed strategies that enhance 

personalization, reduce churn, and improve financial product adoption outcomes. 

 

 

 

 

Integration 

Component 
Description Use Case Example CX Impact 

Data Connectivity 

Tools 

APIs, OData feeds, Azure Data 

Factory, and native Salesforce 

connectors enable real-time and 

batch data extraction into 

Power BI. 

Customer interaction and 

opportunity stage data 

pulled from Salesforce for 

loan application analysis. 

Enables consistent, 

multi-source data flows 

for complete customer 

profiles. 

Data 

Transformation 

and Modeling 

Power Query and Dataflows are 

used to clean, transform, and 

map Salesforce data with other 

sources like core banking or 

payment systems. 

Combining behavioral 

scores from Salesforce 

with transaction logs to 

identify user segments. 

Improves data integrity 

and enhances 

personalization across 

platforms. 

Functional Roles of 

Systems 

Salesforce acts as the data 

source and CRM hub, while 

Power BI operates as the 

analytical and reporting 

Visualizing KPIs in Power 

BI for executives while 

operational teams act 

through Salesforce 

Facilitates collaborative 

decision-making across 

business units. 
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Integration 

Component 
Description Use Case Example CX Impact 

interface. workflows. 

Automation and 

Workflow 

Orchestration 

Tools like Microsoft Power 

Automate and MuleSoft trigger 

Salesforce actions (e.g., alerts, 

case creation) based on KPIs 

visualized in Power BI. 

Automatic follow-up tasks 

in Salesforce triggered by 

low conversion rates 

detected in Power BI. 

Enables timely 

interventions, improving 

product adoption and 

reducing churn. 

Table 1: Summary of Integration Mechanisms and Data Flow Architecture 

3.4 Case Examples of Combined Platform Usage in Finance 

The integration of Salesforce and Power BI has proven transformative across various financial services 

domains, enabling institutions to merge operational workflows with real-time analytics. In retail banking, 

for instance, institutions use Salesforce to track customer engagement across channels—branch visits, 

online banking logins, and loan applications—while Power BI visualizes adoption patterns, compares 

demographic trends, and predicts churn likelihood. This combination allows banks to identify 

underperforming products, segment high-value customers, and personalize outreach campaigns 

accordingly (Adeyeye, Nwulu, Ilogho, & Obasi, 2021). For example, a mid-sized commercial bank in Sub-

Saharan Africa used Salesforce’s lead tracking system to monitor educational loan applications and 

employed Power BI dashboards to isolate drop-off points by age and region, enabling targeted digital 

support that raised conversion rates by 23%. 

In the insurance sector, firms integrate Salesforce policyholder data—including claim history, interaction 

logs, and risk scores—with Power BI to model policy lapses and cross-selling opportunities. Power BI’s 

decomposition trees and cluster heat maps help visualize behavior-based segments, allowing firms to 

deploy Salesforce workflows that recommend bundled products during key life events (Olanrewaju, 

Agboola, & Aremu, 2021). A prominent life insurance provider leveraged this integration to analyze 

cancellation trends and discovered that over 40% of lapses correlated with unresolved support tickets. 

Addressing this friction via automated Salesforce follow-ups improved retention within two quarters. 

Fintech startups also capitalize on the integration to refine digital onboarding. One firm deployed 

Salesforce to manage mobile-first customer journeys and used Power BI to visualize KYC submission 

delays and wallet funding behavior. This insight prompted the automation of follow-up nudges through 

SMS and email journeys, increasing onboarding completion by 18% (Ifeorah, Adesokan, Akinyemi, & 

Okonkwo, 2019). These case applications confirm that Salesforce and Power BI, when jointly 

implemented, enable highly responsive and data-informed customer experience strategies in finance. 

4. Applications and Use Cases in Financial Product Adoption 

4.1 Banking—Loan, Credit Card, and Mortgage Adoption 



Volume 4, Issue 4, July-August-2021 | www.shisrrj.com 

 

 

 

 

 

93 

Customer experience modeling in the banking sector is increasingly central to optimizing adoption of core 

financial products such as loans, credit cards, and mortgages. Salesforce enables banks to track and 

personalize engagement across the entire product acquisition journey—from lead nurturing and document 

submission to credit checks and disbursement. When integrated with Power BI, banks can visualize 

customer conversion patterns, identify friction points, and tailor interventions by segment. For instance, 

loan origination timelines, drop-off rates, and approval ratios can be modeled to identify the impact of 

channel, geography, or campaign type on adoption success (Adegbite, Adewuyi, Oyewole, & Ogunlaja, 

2021). 

In credit card adoption, predictive analytics using Power BI uncover relationships between customer 

income tiers, spending history, and card type preferences. These insights inform targeted offers deployed 

through Salesforce marketing journeys, thereby reducing acquisition cost and increasing acceptance rates. 

For example, a regional bank used Salesforce to automate credit pre-approval messages for users who 

exceeded a behavioral spend threshold, while Power BI identified users most likely to respond based on 

prior campaign interactions (Ibrahim, Ogeawuchi, Ogunlaja, & Omisola, 2020). This led to a 31% increase 

in card activation rates within the first quarter. 

Mortgage services further benefit from this integration through intelligent lead qualification and 

document process tracking. Using Salesforce to manage application stages and Power BI to monitor 

timelines and approval bottlenecks, banks can enhance both operational efficiency and customer 

satisfaction. A use case involving a digital-first mortgage provider revealed that Power BI dashboards 

highlighting stalled applications—often due to missing income verification—enabled proactive Salesforce-

triggered follow-ups that accelerated approval cycles by 22% (Iornem, Omodan, Ogunleye, & Adewale, 

2020). Such synergy allows banking institutions to deliver more timely, responsive, and insight-driven 

experiences, ultimately driving higher adoption and retention of financial products. 

4.2 Insurance—Policy Onboarding and Retention 

The insurance industry is leveraging Salesforce and Power BI to drive customer experience (CX) 

improvements across policy onboarding and retention workflows. The policy acquisition process often 

involves complex document submissions, eligibility checks, and underwriting assessments that require 

real-time tracking and personalization. Salesforce enables insurance firms to automate applicant 

engagement through personalized reminders, digital KYC support, and omnichannel communication, 

while Power BI visualizes onboarding bottlenecks and policy conversion metrics across demographics and 

product types (Adepoju, Oladimeji, Ede, & Babajide, 2020). 

Policy onboarding is typically hindered by high dropout rates due to application fatigue, lack of follow-up, 

or delays in underwriting. By integrating Salesforce’s journey builder with Power BI’s real-time 

dashboards, insurers can monitor step-wise completion rates and activate contextual interventions. For 

example, a regional health insurance provider used Salesforce to trigger nudges for applicants who paused 

at the premium selection stage, while Power BI dashboards segmented these users by location and age to 
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personalize outreach. This multichannel strategy reduced onboarding abandonment by 27% within one 

policy cycle (Ejemeyovwi, Olayemi, & Akinola, 2020). 

Retention modeling is equally critical. Salesforce captures customer interactions, policy changes, and 

claims experiences over time, while Power BI highlights renewal drop-off trends and churn indicators. A 

major life insurer integrated both platforms to analyze the correlation between unresolved claims and 

non-renewal behavior. Insights from Power BI led to targeted loyalty programs deployed via Salesforce 

workflows, increasing policy renewal rates by 18% (Ajibade, Obisi, & Agboola, 2019). Furthermore, lapse 

prediction models helped identify policyholders likely to churn within the next 90 days, enabling 

preemptive engagement strategies. 

Overall, the Salesforce–Power BI ecosystem equips insurers with the predictive intelligence and 

operational agility required to personalize onboarding, address friction, and reinforce retention—core 

outcomes for sustainable policy adoption in a competitive digital marketplace. 

4.3 Fintech—Digital Wallets and Micro-Investment Products 

Fintech platforms have transformed how customers engage with financial products, particularly through 

digital wallets and micro-investment tools. These innovations demand adaptive customer experience (CX) 

models that can capture rapid shifts in user behavior and transaction dynamics. Salesforce and Power BI 

provide fintech firms with a robust, integrated ecosystem for tracking usage patterns, diagnosing 

bottlenecks, and automating personalized interventions. Salesforce manages real-time engagement across 

mobile channels, while Power BI reveals key trends in adoption, dormancy, and microtransaction 

behaviors (Afolabi, Okereke, & Adegbite, 2020). 

Digital wallet onboarding often faces challenges around KYC completion, app usability, and trust. 

Salesforce allows fintechs to guide users through multi-step onboarding flows with contextual prompts 

and in-app assistance. Simultaneously, Power BI tracks each user’s journey—highlighting friction points 

such as delayed fund linking or verification failures. For example, one mobile wallet provider used Power 

BI to visualize dropout hotspots at the card authentication stage and configured Salesforce to trigger real-

time support prompts for at-risk users. This resulted in a 21% improvement in wallet activation within 

two weeks (Nwankwo, Okonkwo, & Ogunleye, 2020). 

In the micro-investment space, fintech firms often deal with users unfamiliar with traditional investing. 

Power BI enables segmentation of users by risk appetite, funding frequency, and investment goals, while 

Salesforce deploys educational content and nudges aligned to each segment’s behavior. A robo-advisory 

platform leveraged this integration to deliver goal-based investment prompts, which increased recurring 

investment volume by 19% over three months (Adeniran, Olatunji, & Eziyi, 2020). Power BI also 

visualized retention gaps among lower-income investors, prompting Salesforce-based follow-ups offering 

flexible contribution plans. 
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These use cases illustrate how the convergence of CRM and BI enables fintechs to model CX with greater 

precision, adapt to rapid user shifts, and scale digital product adoption efficiently in emerging and mature 

markets alike. 

4.4 Impact of Customer Segmentation, Sentiment Analysis, and KPIs 

The integration of customer segmentation, sentiment analysis, and key performance indicators (KPIs) in 

financial product adoption significantly enhances predictive precision and operational responsiveness. 

Customer segmentation enables institutions to dissect their customer base by behavioral, transactional, 

and demographic attributes, allowing for targeted product alignment and journey personalization. For 

instance, advanced segmentation models have been shown to influence marketing ROI and channel-

specific campaign effectiveness in retail banking ecosystems (Onifade et al., 2021). These models help 

institutions identify high-value clusters and adapt offerings based on nuanced insights into needs and 

engagement patterns. 

Sentiment analysis extends the value of segmentation by offering real-time emotional and cognitive 

feedback drawn from customer interactions across platforms. By employing natural language processing 

and AI, sentiment tracking can flag dissatisfaction, intent to churn, or openness to upselling. This 

sentiment overlay strengthens CRM platforms by allowing financial institutions to modify service 

delivery before negative sentiments escalate. Akpe et al. (2020) demonstrate how integrating customer 

feedback sentiment with CRM dashboards improves responsiveness, thereby reducing customer attrition 

and improving net promoter scores (NPS). These insights foster proactive customer relationship strategies 

and data-driven outreach. 

Simultaneously, KPI tracking functions as a critical feedback loop. By aligning performance indicators—

such as customer lifetime value (CLV), conversion rates, and time-to-resolution—with segmentation and 

sentiment signals, institutions attain operational clarity and forecast accuracy. Ashiedu et al. (2021) 

emphasized the strategic relevance of KPI-linked dashboards in large finance operations, noting that 

when KPIs are dynamically updated through real-time BI tools, leadership teams gain actionable 

intelligence to refine products and service delivery in fast-changing markets. Thus, the synergy of 

segmentation, sentiment, and KPIs forms a triad that supports agile customer experience optimization and 

financial performance enhancement. 

5. Implementation Challenges and Strategic Recommendations 

5.1 Data Integration, Quality, and Privacy Concerns 

In multichannel financial ecosystems, the effectiveness of customer experience modeling hinges critically 

on seamless data integration, data quality assurance, and adherence to data privacy regulations. 

Integrating data from disparate sources—such as CRM logs, social media interactions, mobile banking 

platforms, contact center transcripts, and transactional databases—presents both technical and governance 

challenges. Without a standardized schema, inconsistencies in data formats, time stamps, and customer 
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identifiers can lead to duplication, misalignment, and unreliable insights. For example, if a customer’s 

email and mobile app interactions are stored under different identifiers, predictive models may yield 

fragmented behavioral profiles, distorting sentiment or lifecycle analyses. 

Equally pressing are data quality issues such as missing values, outliers, and latency, which compromise 

the accuracy of segmentation, churn forecasting, and KPI tracking. Implementing data validation 

pipelines, anomaly detection, and real-time cleansing algorithms becomes essential to preserve model 

fidelity. Moreover, privacy concerns are amplified when integrating personally identifiable information 

(PII) across channels. Institutions must comply with GDPR, CCPA, and other regional frameworks, 

enforcing role-based access control, encryption, and anonymization where necessary. Failure to establish 

clear data lineage and compliance boundaries not only undermines trust but also exposes firms to 

regulatory sanctions. Thus, data integration efforts must be balanced with robust governance, security, 

and ethical design. 

5.2 Organizational Readiness and User Training 

The successful implementation of CRM-driven customer experience modeling in financial institutions is 

contingent on a high level of organizational readiness and comprehensive user training. Readiness 

encompasses technological infrastructure, process alignment, leadership commitment, and workforce 

capability. Institutions must ensure that their existing IT architecture can support real-time data 

processing, API integration, and advanced analytics workloads without bottlenecks. This involves not 

only upgrading legacy systems but also standardizing workflows to ensure seamless cross-functional data 

sharing and decision-making. 

Equally critical is preparing human capital to engage meaningfully with new technologies. Data analysts, 

marketing teams, customer service agents, and compliance officers must be trained to interpret visual 

analytics dashboards, apply predictive models, and adjust customer engagement strategies based on real-

time insights. For example, if frontline staff are not adequately trained to respond to churn alerts or 

sentiment scores, the predictive intelligence embedded in CRM tools will fail to translate into tangible 

customer retention outcomes. Moreover, organizational culture must shift from intuition-driven decisions 

to evidence-based operations, requiring continuous learning pathways, change management strategies, 

and executive sponsorship. Resistance to adoption, siloed knowledge, and skill gaps can derail even the 

most sophisticated implementations. Therefore, building institutional maturity in data literacy and tool 

proficiency is a non-negotiable component of digital transformation. 

5.3 Cost-Benefit Considerations 

Cost-benefit considerations play a decisive role in the adoption of customer experience modeling 

frameworks within financial institutions. While the integration of CRM platforms, predictive analytics, 

and data visualization tools offers significant strategic advantages, these benefits must be weighed against 

the substantial initial and ongoing investments required. Implementation costs include licensing fees for 
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platforms like Salesforce or Microsoft Power BI, data migration expenses, cloud infrastructure 

provisioning, and cybersecurity enhancements. Additionally, organizations incur training costs, change 

management overheads, and potential downtime during system transitions. 

However, when properly executed, the benefits often outweigh the expenditures. Enhanced customer 

segmentation and behavior prediction reduce churn and improve targeting precision, leading to higher 

conversion rates and increased lifetime customer value. For instance, predictive KPIs can streamline 

product cross-selling and improve service personalization, thereby maximizing revenue per customer. 

Operational efficiencies gained from automating routine workflows, such as case routing or marketing 

campaign deployment, reduce labor costs and human error. Furthermore, real-time dashboards empower 

faster executive decision-making and agility in responding to market changes. Nevertheless, financial 

institutions must conduct detailed ROI assessments, incorporating both tangible and intangible metrics—

such as customer satisfaction, employee productivity, and brand loyalty—to determine the long-term 

sustainability of customer experience modeling initiatives. 

5.4 Recommendations for Future CX Modeling Frameworks 

Future customer experience (CX) modeling frameworks must evolve toward greater contextual 

intelligence, dynamic adaptability, and ethical resilience. First, institutions should adopt event-driven 

architectures that capture real-time behavioral signals—such as session duration, clickstream paths, and 

service feedback—to dynamically recalibrate customer segmentation and engagement strategies. Static 

personas must give way to fluid, data-responsive profiles capable of adjusting to life-stage, channel 

preference, or market sentiment shifts. This requires embedding microservices for continuous model 

updates and integrating low-latency data pipelines into CRM ecosystems. 

Second, frameworks must move beyond predictive accuracy to include prescriptive and causal modeling, 

enabling institutions not just to forecast outcomes but to recommend optimal next actions. This involves 

leveraging reinforcement learning and advanced simulation environments where business scenarios can 

be stress-tested prior to deployment. Additionally, transparency and explainability should be embedded at 

every stage of the CX model lifecycle to ensure auditability and regulatory compliance, especially in high-

stakes domains such as loan approvals or fraud detection. 

Lastly, human-centered design should be prioritized. Institutions must co-create dashboard interfaces 

with end-users, ensuring accessibility and usability across departments. Future models must empower 

both frontline employees and executives with actionable intelligence, making customer experience not 

just measurable, but strategically transformable across digital financial ecosystems. 
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